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Optimizing ACO to solve the traveling salesman problem
based on SOA and Floyd algorithm
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Abstract

This paper aims at the problem that the ant colony algorithm is prone to fall into local optimality. An improved ant colony
algorithm based on the seagull algorithm and the Floyd algorithm is proposed to solve the traveling salesman problem. It fuses the
characteristics of the algorithms to construct a new pheromone update mechanism and uses the Floyd algorithm to optimize the
initial path. The data experimental results show that this improved algorithm significantly enhances the global search ability and
convergence speed, optimizes the solution quality, has obvious advantages in timeliness and accuracy, and has broad application
potential.
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