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Abstract

With the advent of the digital era, data has become a core corporate asset—a consensus widely recognized across society. Building
upon its existing data infrastructure, the enterprise has developed a novel data management framework that effectively integrates and
bridges technical barriers between various structured data types through File Space, Graph Space, and Vector Space. This framework
not only provides precise value extraction for unstructured data but also intuitively reveals the rich semantic relationships inherent
within the data. The upgraded innovative data infrastructure is poised to inject new vitality into corporate digital transformation,
establish a solid technical foundation for future strategic development, enhance user interaction, and strengthen the enterprise’s
competitiveness and influence in the digital domain.
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