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Abstract

The production of new energy vehicles in China has grown from approximately 460,000 units in 2016 to about 13.16 million units
in 2024. A typical household electric vehicle contains at least a hundred batteries, while a Tesla electric vehicle has over a thousand.
The number of used lithium batteries directly caused by battery aging is extremely large. Improper handling can seriously cause
environmental pollution. How to deal with these used lithium batteries has become an important engineering issue in the lithium
battery industry. The key to solving the problem lies in the classification and treatment of used lithium batteries. Therefore, the
technology of secondary utilization has emerged, where usable batteries are reused and unusable ones are recycled for materials.
This article mainly reviews the screening technology of secondary-life lithium batteries in the process of secondary utilization, with
the aim of selecting the batteries that can still be used. It introduces the role of neural networks in battery screening and reviews
the application of some advanced algorithms such as random forests and machine learning, as well as advanced equipment such as
ultrasonic and spectroscopy in the battery screening process. The combination of battery screening technology with neural networks
and machine learning has become a new trend in technological development.
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