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Abstract

Dam safety monitoring is very important for preventing disasters and protecting the safety of people’s lives and property. This study
innovatively applied machine learning technology and developed a set of comprehensive evaluation and prediction model, aiming to
improve the scientific and intelligent level of dam safety management. By integrating long-and short-term memory network (LSTM)
and convolutional neural network (CNN), the model can not only capture the dynamic changes in time series data, but also effectively
extract spatial features, so as to more accurately identify potential risk factors, laying a foundation for further optimization of dam
maintenance strategy.
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