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Research on the Optimization of Water Conservancy Project
Operation Management Question-Answering Robot Based
on Large Language Model

Yiwei Yuan

Suzhou Administration of Taihu Basin Administration, Suzhou, Jiangsu, 215100, China

Abstract

This article focuses on the optimization exploration of a question-answering robot for the operation and management of water
conservancy projects based on large language models. In terms of the technical framework, a complete system has been constructed,
which includes system architecture design, document sharding and vectorized optimization, as well as hybrid retrieval and reordering
mechanisms. Empirical research was implemented on the Dify platform through experimental design and data preparation, and
performance evaluation and comparison were carried out. At the same time, conduct in-depth analysis of key challenges, propose
multi-knowledge point aggregation processing and long document processing optimization solutions, and take into account both
ethical and security considerations. The research aims to enhance the accuracy and efficiency of question-answering in the operation
and management of water conservancy projects, and provide theoretical and practical references for the optimization of intelligent
question-answering systems in related fields.
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