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Abstract

Geological disasters are one of the major natural disasters faced by China. Their frequent occurrence and destructive nature pose a
serious threat to the safety of people’s lives and property and the sustainable development of society. This article summarizes the
application progress of artificial intelligence technology in three fields of geological disaster monitoring: spatial susceptibility and
risk assessment, remote sensing image target detection and automatic recognition, and landslide dynamic displacement prediction.
Artificial intelligence technology is gradually becoming a key driving force for the monitoring, assessment and early warning
capabilities of geological disasters, providing important scientific and technological support for building an intelligent and precise
national disaster prevention and mitigation system.
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