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Abstract

Social media has become an important source of information for extracting adverse drug reactions (ADRs), providing a powerful
supplement to the traditional pharmacovigilance system. However, due to the characteristics of social media texts such as non-
standard grammar, spelling mistakes and colloquial expressions, it is an important and challenging research. Therefore, a modified
State Space Model (SSM) for detecting ADRs is constructed. The model cam efficiently model sequence information through state
space equations, significantly enhancing the semantic understanding ability of non-standard texts on social media. The experimental
results show that the proposed method is superior to other methods, especially demonstrating unique advantages in dealing with long
texts and complex semantic structures. This method provides a new technical approach for drug safety monitoring.
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